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Beyond the Paycheck: Using Fringe Benetfits to
Attract a Broader Pool of Applicants *

Claudio Schilter and Thea S. Zollner

September 7, 2026
Abstract

Many firms in tight labor markets recruit for highly gender-segregated occupa-
tions, leaving them, in effect, drawing from only half the potential labor pool. We
study how firms can use fringe benefits to attract workers and influence occupational
choice. Unlike occupation-specific recruiting strategies, fringe benefits can be added
to any occupation; they are also easily tailored, implemented, and scaled. Using a
personalized and incentivized discrete choice experiment, we present participants
with job options that match their skills and work task preferences. Within each
option, we vary salary, occupation, and fringe benefits that adolescents had classi-
fied as gender-neutral, male-typed, or female-typed. We find that fringe benefits
are highly valued: their effect is around a third as large as having prior interest in
the occupation. Neutral and stereotypical benefits in particular improve perceptions
of the firm across multiple dimensions. Furthermore, we find substantial gender
differences. Female-typed benefits deter male participants, whereas all other benefit-
participant combinations have a positive effect. Female participants value benefits
more when those benefits are paired with an atypical occupation, and we find sug-
gestive evidence that this reflects benefits alleviating concerns about limited support
in such roles. In addition, male-typed benefits can increase the attractiveness of
gender-atypical occupations for female participants. Female participants who con-
sider atypical occupations place relatively higher value on these benefits and tend to
exhibit less traditionally feminine preferences. We also find suggestive evidence that
anticipated social reactions, particularly from parents, accompany these choices.

JEL classification: J20, J24, ]28, J16.
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1 Introduction

When labor markets are tight, firms adapt their recruitment strategies to attract a broader
pool of applicants (Maestas et al., [2023; Modestino, Shoag and Balance, |2020; Hershbein
and Kahn, 2018} Forsythe and Weinstein, 2025, Weinstein, 2025). Attracting gender-
atypical applicants becomes particularly important in highly gendered occupations, in
which firms often have access to essentially only one gender group—an inefficient out-
come in tight markets. Moreover, diversity-related goals can also motivate firms to
attract the non-traditional gender to an occupation (see, e.g., Flory et al., 2021). There-
fore, for firms in these occupations, offering certain non-wage compensations to attract
applicants of the opposite gender (the untapped part of its labor pool) is a potentially
important recruitment lever.

The literature on non-wage compensation has primarily focused on workplace ameni-
ties such as flexibility (Mas and Pallais, 2017; Wiswall and Zafar, [2018; Chen et al., 2019;
He, Neumark and Weng, [2021; Fuchs et al., |2024; Eriksson and Kristensen, 2014) and
safety (Anelli and Koenig, 2025, Hamermesh, [1999). Other studies focus on mean-
ingfulness (Burbano, Padilla and Meier, |2024; Burbano et al.,, 2024) and commuting
(Le Barbanchon, Rathelot and Roulet, 2020). In addition, many of these studies find
gender differences in preferences for these amenities (e.g., Mas and Pallais, |2017; Bur-
bano, Padilla and Meier, |2024; Caldwell, Haegele and Heining), 2026; |Faberman, Mueller
and Sahin, 2026). Yet, although workplace amenities could help firms attract a more
gender-balanced workforce (Wiswall and Zafar, 2018), many amenities—such as work-
place safety, flexible hours, or remote work—are often inherent in specific occupations
and difficult (if not impossible) to adjust.

The other type of non-wage compensation, fringe benefits—non-wage benefits not

inherently tied to the nature or content of the work itself, such as career mentoring,



contributions to public transport, or discounts at partner firms—remains largely under-
studied (notable exceptions include Maestas et al., [2023; Eriksson and Kristensen, 2014).
Yet fringe benefits could constitute an important draw for young people entering the
labor market. A key advantage of fringe benefits is that, unlike amenities, they can
easily be added to almost any occupation.

This paper analyzes the effect of fringe benefits on the occupational choices of sec-
ondary school graduates and to what extent firms can use these benefits to broaden their
applicant pool. In our setting, the labor market is tight, the occupations are highly gen-
dered, and the fringe benefits are either neutral or gendered. Our participants are young
people (ages 14-16) at a pivotal transition: they are about to graduate from compulsory
schooling and decide on an occupation, thereby marking the start of their labor market
career. We investigate both the extent to which fringe benefits can attract candidates
from the under-represented gender and whether such benefits carry deterrent effects for
the majority gender (e.g., through identity-based mechanisms) (Akerlof and Kranton,
2000; Oh, [2023).

We examine the effects of fringe benefits by using a highly tailored and incentivized
discrete choice experiment (DCE). Leveraging rich background data on each partici-
pant, we present individuals with hypothetical job choices between two occupations
that match both their skills and their preferences for work tasks. We conduct the exper-
iment in cooperation with a major Swiss online job platform, providing access not only
to young users’ profile information—including detailed task preferences—but also to
behavioral data, such as clicks and application history. This background data allows us
to analyze whether and, if so, how fringe benefits can attract participants to their most
suitable gender-atypical occupation—defined as the highest-fit occupation in which the
opposite gender is the clear majority. Two features support the credibility of this design:

the preference-fit measure underlying our personalization aligns with users’ real behav-



ior on the platform, and participants’ elicited preferences from the DCE are predictive
of their subsequent platform activity.

The DCE design enables us to systematically vary both the content and framing of
eleven fringe benefits, grouped into four general topics: discounts, transportation, sports,
and mentoring. Within each of the four topics, we include versions that are male-typed,
temale-typed, or neutral, based on classifications by adolescents that we validate in our
own sample. For example, for sports, benefits include dance courses (female-typed),
weightlifting courses (male-typed), and an in-house gym (neutral). In addition, the DCE
is embedded in a detailed survey that allows us to explore underlying mechanisms. In
particular, we examine what each fringe benefit signals about the firm offering it and
whether that benefit increases or reduces the social pressure that participants anticipate
from peers and parents when considering a given occupation.

Our analysis consists of four steps. First, we estimate how fringe benefits affect the
probability of an individual’s choosing a given job offer in the DCE. We express this
effect of fringe benefits in willingness to accept a lower salary. Second, we examine het-
erogeneity by participant gender and the gender-typing of the benefits. Third, we study
how fringe benefits shape participants’ beliefs about firm characteristics, and whether
these beliefs help account for our main effects. Fourth, by using incentivized survey
measures, we analyze mechanisms related to social pressure—focusing in particular on
anticipated parental feedback and negative reactions from peers.

Our findings show that participants highly value fringe benefits: on average, the
effect of fringe benefits on occupational choice is around a third as large as the effect
of having prior interest in the occupation. Neutral and stereotypical benefits not only
increase the likelihood of choosing an occupation but also improve perceptions of a firm
across dimensions such as supportiveness, team fit, and employee care.

Moreover, we find substantial gender differences. Female-typed benefits deter male



participants, whereas all other benefit-participant combinations have positive effects.
For female participants, benefits are particularly influential when paired with gender-
atypical occupations. We find suggestive evidence that female and neutral benefits offset
otherwise negative perceptions that such firms do not support their female employees.
Male-typed benefits are, on average, particularly effective in attracting female partici-
pants to male-dominated occupations. Female participants who consider such occupa-
tions tend to value male-typed benefits more highly and to perceive themselves as less
traditionally feminine. In contrast, male participants” behavior aligns with identity-based
models (Akerlof and Kranton, 2000): both atypical occupations and atypical benefits re-
duce utility. We find suggestive evidence that anticipated social pressure from peers and
parents accompanies these choices, but it does not account for the gender differences in
our main results. These results suggest that while benefits can broaden the appeal of
occupations, their design and gender framing matter—particularly for firms aiming at
attracting underrepresented groups.

This paper contributes to the literature on non-wage compensation and occupational
choice by analyzing how various fringe benefits—each framed in a gender-typed or
neutral way but otherwise comparable—affect occupational choice. This design allows
us to study heterogeneity not only by participant gender but also by the gender typicality
of the benefits themselves. The paper also extends the much smaller literature on fringe
benefits by adding the gender-type of each benefits. Moreover, the benefits we study (in
the categories of sports, transport, discounts, and career mentoring) have not yet been
included in previous research.

We also contribute to the broader literature on how firms can influence the compo-
sition of their applicant pool. A growing body of research shows that firms can adjust
various aspects of their recruitment strategy. For example, they can vary posted wages

(Belot, Kircher and Muller, 2022), use role models (Del Carpio and Guadalupe, |2022), re-



frain from emphasizing selectivity in hiring (Schilter, |2025), introduce quotas (Niederle,
Segal and Vesterlund, |2013), or provide information about the performance of current
employees (Delfino, 2024). We extend this literature by showing that even small ad-
justments in non-wage compensation—specifically the offering and gender-framing of
fringe benefits—can meaningfully affect applicants” occupational choices.

Conceptually, our results show that fringe benefits can interact with social identity
and occupational stereotypes, thereby influencing not only whether individuals apply
but which occupations they are willing to consider. We quantify these effects in mon-
etary terms. Practically, our results suggest that fringe benefits can serve as a cost-
effective complement to wage increases for attracting applicants, particularly those who
would otherwise have selected a different occupation. At the same time, our finding
that female-framed benefits deter male applicants cautions that such benefits can have a
backlash effect.

Both internal and external validity are central concerns in any DCE. Our study, set
in Switzerland, focuses on participants who are actively searching for upper secondary-
level apprenticeships, which they typically begin around age 16. Almost two-thirds of
Swiss students complete a three- to four-year apprenticeship in one of more than 200 oc-
cupations—and thereby marking the beginning of their career. Thus the apprenticeship
decision—which occupation to choose—is both high-stakes and relatively sticky. Given
the tightness of the apprenticeship market (10-15% of apprenticeship vacancies remain
unfilled each year, Golder et al., 2023), we argue that this setting offers insights valuable
to other tight labor markets for early-career job seekers.

As to internal validity, DCEs are widely used for assessing preferences for work-
place amenities and fringe benefits. Our survey-embedded choice experiment is one of
several complementary experimental designs, each recovering distinct behavioral param-

eters and facing different threats to internal and external validity (List, 2026). Several



studies, while hypothetical by design, have shown that job-related DCE choices align
closely with real-world behavior (Mas and Pallais, |2017; Wiswall and Zafar, 2018; Maes-
tas et al.,, 2023; Caldwell, Haegele and Heining, 2026). Consistent with this, our own
participants” choices predict their subsequent behavior on the platform. Our experiment
is further strengthened by incentives: we informed participants in advance that their an-
swers will be used for generating personalized occupation suggestions, including links
to more information. We also incentivized several additional survey measures, includ-
ing accuracy in guessing the gender composition of firms with specific characteristics,
second-order beliefs about receiving negative peer feedback, and the issue of whether
participants choose to share their DCE responses with their parents.

The remainder of the paper is structured as follows. Sections |2 and [3} respectively,
describe the setting and experimental design. Section |¢| discusses the empirical method.
Section |5 presents the main results, and Section |f| investigates the potential mechanisms

driving those results. Section [7] discusses the findings and concludes.

2 Setting

Our study is set in the Swiss apprenticeship market, a core part of the country’s la-
bor market for young people. Each year, around two-thirds of lower secondary school
graduates in Switzerland enter a two- to four-year apprenticeship program, typically
immediately after completing nine years of compulsory schooling. Apprentices spend
most of the week—usually four days—working for a firm on-site, where they interact
with clients and gain substantial work experience. These programs mark the beginning
of their careers and have lasting consequences for their occupational trajectory.

The apprenticeship market is both large and tight. It spans more than 200 occupations

and attracts a broad base of applicants and firms. Despite strong employer demand,



10-15% of apprenticeship vacancies remain unfilled each year due to a lack of (suitable)
applicants (Golder et al., 2023). This labor market tightness imposes real costs on firms,
making it necessary for firms to invest in effective recruitment strategies. Indeed, Swiss
tirms face strong incentives to attract both genders, with some firms also aspiring to
promote greater workforce diversity. Excluding one gender amounts to overlooking half
the market. Yet many occupations remain strongly gender-segregated. Apprenticeships
are, in turn, often informally perceived as gender-typed, with highly unbalanced gender
shares (Federal Statistical Office, |2025).

A potential recruitment strategy for firms is to offer benefits. Our own survey of 82
Swiss firms provides suggestive evidence that the majority offer benefits with the goal
of recruiting and keeping employees (see Tables [A.5 and |A.6). While benefit-offering
firms tend to be larger, benefits are also common among small and micro firms. Among
the firms that offer benefits, 62 percent report using them to communicate their values,
something higher wages alone cannot achieve (see Table|A.7).

An additional strength of the Swiss setting is the availability of standardized, detailed
information on skill requirements across occupations. The Swiss Conference of Cantonal
Ministers of Education and the Swiss Employers” Association publish occupation-specific
ratings for required skills in mathematics, school language, foreign language, and sci-
ence, using a 1-100 scale. These ratings are based on input from employer associations
and are accessible through online platforms such as Yousty.ch—a major online platform
for the Swiss apprenticeship market.

Cooperating with Yousty, we use their infrastructure to survey students at the end of
compulsory schooling during their search for apprenticeship positions. We can therefore
observe students at a pivotal moment in their decision-making, within a labor market
shaped by both individual preferences and employer-side constraints. A key strength

of this cooperation is that we observe students’ revealed interests and suitability even



before they complete our survey. Many Yousty users fill in an “occupation finder”—a
33-question tool asking about preferred work situations (e.g., working outdoors, work-
ing with metal). From this information, Yousty computes match percentages for each
occupation. We observe these match scores as well as users” behavioral data on the site
(e.g., which occupations they view or click on). This rich pre-survey information allows
us to capture both preferences and fit with high granularity.

A natural concern is whether these match scores capture genuine occupational fit.
We validate them against users’ revealed behavior on the platform. Drawing on the full
population of Yousty users, we regress a range of behavioral outcomes—whether a user
views an occupation, adds it to a watchlist, sets up a search alert, or applies—on the
occupation’s match score (Appendix Tables |A.1 and |A.2). Across all outcomes, a higher
match score is strongly associated with greater engagement: users are more likely to
view, save, and ultimately apply to occupations the finder identifies as better fitting. This
relationship holds even when we restrict attention to occupations ranked outside each
user’s top 20 matches (which the platform displays to the user as recommendations)—
indicating that the association reflects genuine fit rather than the platform’s own recom-
mendations. We take this as evidence that the match score is a meaningful measure of
occupational fit, which we exploit throughout our analysis.

Beyond the choice experiment, the survey collects a range of individual character-
istics. These include standard demographics and background information, as well as
participants” self-assessed academic ability, which we use to match them to occupations
(see Section [3). Among others, we elicit a brief personality measure, participants’ self-
characterization along a spectrum from very masculine to very feminine, their percep-
tions of their parents” gender-role attitudes, their prior interest in specific occupations,
and their assessments of particular occupation-benefit combinations, which we draw on

when examining mechanisms.



3 Experimental setup

3.1 The Discrete Choice Experiment

The core of our survey is a discrete choice experiment (DCE), in which participants
repeatedly choose between two hypothetical apprenticeships that vary along key job
attributes. Our participants are currently in the period of occupational decision-making,
during which they must choose an apprenticeship and weigh many factors, including
those represented in our choice sets. As a stated-preference method, the DCE has the
key advantage that both the underlying frameworks of random utility maximization
(McFadden, 1974) and Lancaster’s theory of consumer choice (Lancaster, 1966) posit
that the utility an individual derives from a good or service can be decomposed into
its individual attributes. Thus, when making a choice between two goods, respondents
trade off the different attributes and choose the good which gives them the highest
utility. Using a DCE, we can analyze how respondents value both specific attributes and
combinations of attributes of a good—in our case, an apprenticeship.

Specifically, we ask respondents to complete eight binary choice tasks, each between
two apprenticeships, randomizing occupation, fringe benefits, and first-year salary. While
DCEs necessarily involve hypothetical choices, job-choice experiments of this kind have
been shown to align closely with subsequent real-world decisions (Maestas et al., 2023;
Wiswall and Zafar| [2018; Mas and Pallais, [2017). Our design further strengthens this
correspondence through personalization: because the choice sets are built from each
participant’s own skills and revealed interests, they reflect decisions the participant ac-
tually faces rather than generic hypotheticals. This design mirrors recent work embed-
ding personalized choice sets in large-scale surveys—for example, Caldwell, Haegele
and Heining (2026), who have workers evaluate real firms they would plausibly con-

sider. The match scores underlying our personalization are themselves predictive of real



platform behavior (see Section |2), giving us confidence that the choices we elicit are
grounded in genuine occupational fit.

DCEs offer several advantages over observational data. Most importantly, we observe
the full choice set, not just the chosen option, allowing us to cleanly identify trade-offs.
Experimentally varying the attributes allows us to analyze all possible attribute-pairings
and isolate students’ nuanced preferences. Because we randomize salary, we can express
the utility of specific job features in monetary terms.

Rather than presenting all participants with the same occupations, we tailor the
choice sets to each participant, reflecting that students consider only a subset of oc-
cupations when searching. We use their academic ability, work-task preferences, prior
occupational interest, and the gender composition of occupations (described in detail
in Section [3.2). The gender-typing of the fringe benefits was determined by adolescents
themselves: in a separate piloting exercise, students classified each benefit as more male-
typed, more female-typed, or gender-neutral, and we confirm these classifications hold
in our own sample (see Section [3.2|and Appendix Table|A.4).

Several parts of the survey are incentivized. First, we told participants at the outset
that their choices are used to generate personalized occupation suggestions with links
to further information, giving them a concrete reason to answer the choice tasks truth-
tully. Second, for the survey measures with a verifiable answer—participants” estimates
of the opposite-gender share of firms with given characteristics, and their second-order
beliefs about how peers would respond—we awarded an additional ticket in a lottery
for an iPhone whenever a participant’s answer was sufficiently close to the truth, re-
warding accurate and considered reporting. Finally, the choice of whether to share their
results with their parents was a real decision with real consequences, which makes it an

incentive-compatible measure of anticipated parental support or pushback.
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3.2 The Choice Sets

Each participant completes eight choice sets, choosing between two hypothetical appren-
ticeships in each set. We vary each option along three dimensions: occupation, fringe
benefit, and first-year salary (see Table [1). For each participant, we construct the set of
available alternatives by using three salary levels, four fringe benefits, and four person-
alized occupations. The design described here, including the construction of the four
occupation types and the categorization of benefits, was specified in our pre-analysis
plan.

Salary. We assign each apprenticeship a monthly first-year salary of either CHF 550,
750, or 950 (CHF 1 ~ USD 1.25). Although firms in Switzerland are generally free to set
apprentice wages, subject to lower bounds in some sectors with collective agreements,
the amounts we use reflect the officially recommended salaries for most occupations
(Berufsberatung.ch, 2025). We focus on first-year salaries because they are simple to
understand and most salient for our participants.

Fringe Benefits. After reviewing a broad range of online apprenticeship advertise-
ments to identify commonly offered fringe benefits, we conducted extensive piloting to
evaluate how students perceived a narrower pool of 24 benefits['| From this process, we
selected a final set of eleven benefits that were clearly understandable and could be cate-
gorized into one of three perceived gender types: male-typed, female-typed, or neutral.
Participants” own stated preferences confirm the intended gender-typing: female-typed
benefits are wanted more by female participants and male-typed benefits by male partici-

pants, while neutral benefits show no consistent gender difference (Appendix Table|A.4).

TA convenience sample of 8th- and gth-grade students completed qualitative interviews as well as an
online survey in class between November and December 2024. 116 students evaluated 5 out of 24 benefits
according to whether they thought females or males were more likely to like each benefit. Responses were
recorded on a scale ranging from o (“only girls like it”), through 5 (“both genders like it equally”), to 10
(“only boys like it”). We used these answers along with the interviews to create and frame our final set
of benefits.
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Table 1: Attributes and Levels in the Choice Experiment

Attribute Sublevels / Description

Monthly Salary CHEF 550
CHEF 750
CHF 950

Fringe Benefits No benefit

Neutral: discounts at partner companies, mentoring program, com-
pany sports courses, discount for obtaining car license, discount on
a public transport travelcard

Female-typed: discounts for beauty products at partner company,
mentoring for girls, company sports course in dance

Male-typed: discounts for technology/games at partner company,
company sports course in muscle building /weights, discount for ob-

taining motorcycle license

Occupations (1) Atypical occupation with highest work-task fit
(2) Typical/neutral occupation with similar fit to (1)
(3) Typical/neutral occupation with one SD lower fit than (1)

(4) Typical/neutral occupation of participant interest

Note: The choice sets are constructed from four personalized occupations, four fringe benefit options, and
three salary levels. Which specific occupation the respondent sees as occupation (1)-(4) depends on his
or her fit and interest in different occupations (information collected prior to this study). Which specific
fringe benefit is displayed is randomly drawn.

Each benefit also falls into one of four thematic topics: discounts, transportation,
sports, or mentoring. We ensured that each topic includes benefits from at least two dif-
ferent gender categories. For example, within the “discounts” topic, one neutral benefit

is “discounts at many partner companies,” while its gendered counterparts are “dis-
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counts for beauty products” (female-typed) and “discounts for technology/computer
games” (male-typed). For each participant, we randomly select one benefit from each
gender category—neutral, female-typed, and male-typed—along with a “no benefit” op-
tion. In each choice set, the two apprenticeship alternatives feature fringe benefits drawn
from this personalized set of four.

Suggestive evidence from our survey of Swiss firms indicates that the benefits in-
cluded in our choice sets are offered in practice, although some are more common than
others. Among the firms offering benefits, 60 percent offer a discount on a public-
transport travelcard, 42 percent offer discounts at partner companies, and 9 percent offer
company sports courses (Appendix Table [A.8). The gender-typed benefits are offered
less frequently.

Occupations. To ensure reasonable academic match, we exclude occupations that are
clearly too demanding or too undemanding for the participant. We measure (mathe-
matical) academic ability by combining school track and grades: we classify students as
high-ability if they are in the highest track with a math grade of 4.5 or above, and low-
ability if they are in the middle track with a math grade below 4.5 or in the lowest track
Each participant views apprenticeships drawn from the following four occupation types.

Occupation (1) is the most suitable atypical occupation for the participant based on
our fit data from Yousty’s “occupation finder.” We define an occupation as atypical if
no more than 33.3% of apprentices starting in that occupation between 2017 and 2023

share the participant’s genderP| Among all such occupations, we select the one with the

2Occupational requirements vary on a scale from 1 to 100, where 1 indicates the lowest and 100 the highest
requirement level. These requirements are prominently displayed on career websites such as our partner
firm. Most difficult apprenticeships often require highest track attendance and/or very good grades.
We define high-requirement occupations as those with a total score above 54.3 and low-requirement
occupations as those with a score below 36. We exclude high-requirement occupations for low-ability
students and low-requirement occupations for high-ability students.

3Details on the data sources and the procedure for merging occupations to the labor-market data are
provided in Appendix [E.
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highest fit in terms of work-task preferences. In the rare cases where a participant has
already shown interest in an atypical occupation, we use that occupation instead.

For occupation (2), we select the most similar occupation to (1) in terms of fit, pro-
vided it is not atypical and the participant has not previously shown interest in it. Oc-
cupation (3) follows the same logic as (2) but has a deliberately lower fit—one SD below
(1)—to introduce variation in the trade-off between fit and atypicality. We define occu-
pation (4) as any typical or neutral occupation in which the participant has expressed
interest. We infer interest from behavioral data on Yousty.ch—such as clicks, applica-
tions, or standing search queries—or, if no behavioral data exists, we ask the participant
directly about their preferred occupation. In all cases, later in the survey, we double-
check participants” interest in the relevant occupations with a follow-up question.

For respondents who had completed Yousty’s occupation finder, we construct occu-
pations (1)—(3) directly from their occupation-specific match scores. Because only about
half of respondents had completed the finder, we developed a parallel procedure to as-
sign these occupations to the remaining respondents, allowing us to run the identical
experiment on the full sample. Using the subsample with complete match scores, we
estimate a LASSO regression of occupational fit on all 33 occupation-finder items and
retain the five most predictive questions. We include these five questions in our survey,
collapsing each to a binary response to keep the design tractable, which yields 2° = 32
possible response profiles. For each profile—separately by gender—we compute the av-
erage fit of every occupation among finder completers falling into that profile, and use
these averages to identify the counter-stereotypical, comparable-fit stereotypical, and
lower-fit stereotypical occupations. Respondents without a completed occupation finder

are then assigned the occupations associated with their five-question profile}|

4This approximation is necessarily coarser than the individual match scores. In particular, occupation (3)
is defined as the lowest-fitting stereotypical occupation within a profile rather than exactly one standard
deviation below occupation (1). Within every profile, occupation (3) nonetheless has the lowest average
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Table [2| shows one example of such a choice set. Here, a (male) participant chooses
between nursing—an occupation atypical for his gender—paired with a higher salary
and a male-typed fringe benefit, and carpentry, a typical occupation offered at a lower

salary and with no benefit.

Table 2: Example Choice Set

Apprenticeship A Apprenticeship B
Occupation Nurse Carpenter
Fringe benefit Company sports course in None

muscle building /weights

First-year monthly salary CHF 950 CHF 750

Note: Example of one of the eight choice sets shown to a participant.

Combining four occupations, four fringe benefits, and three salary levels results in 48
unique attribute combinations and 1,128 possible pairwise comparisons. To find three
blocks of eight comparisons that maximize statistical power in a d-efficient block design
(see|Rose and Bliemer, 2009), we used the software Ngene. Each participant is randomly
assigned to one of the three blocks. Moreover, we code each block in two versions,
reversing the order of the two alternatives within each choice set. We then randomly

assign participants to one of the two versions.

3.3 Survey Distribution and Final Sample

Yousty distributed our survey in February and March 2025 through email invitations
and pop-ups on their website, targeting secondary school students. After restricting

the sample to respondents for whom we observe an occupational fit measure and who

fit, confirming that the intended fit ordering is preserved.
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completed the main part of the survey within a reasonable time, our main analysis
sample consists of 1,053 studentsf|

In the Appendix, we additionally report our analyses using the full sample. The only
difference is that it includes respondents who did not complete the occupation finder
and therefore lack individual information on occupational fit. For these respondents,
occupations (1)—(3) were assigned using the five-question approximation described in
Section|[3.2} This occupation-assignment rule is the only respect in which the full sample
differs from our main sample: the choice tasks, the salary and benefit variation, and
every follow-up measure we use to study mechanisms are identical across the two. The
full sample therefore lets us re-estimate our analyses on a larger and different population
under an otherwise unchanged design, at the cost of a coarser occupation-assignment
rule. Because of this coarseness—and because the two samples differ in observable
characteristics—our main analysis relies on the sample with full match scores, and we
use the full sample only for the complementary analyses reported in the Appendix.

Our sample represents typical Swiss students (around age 14-15 years) in the transi-
tion phase between school and an apprenticeship. In our sample, 56 percent are female,
and around 47 percent are classified as middle-ability (see Section [3.1)); with 28 percent

high-ability; and the remaining 24 percent low-ability (see Appendix Table|A.9).

5A total of 2,442 users began the survey, with 1,965 completing all eight choice sets. We restrict our
preferred sample to the 1,117 participants who had previously completed Yousty’s occupation finder
questionnaire. This number is lower than expected because Yousty estimates that roughly 80% of users
typically complete the occupation finder. One potential explanation is that our survey provided person-
alized occupational feedback based on choice experiment responses, feedback that may have acted as a
substitute for Yousty’s own occupation finder. We further exclude respondents with implausibly short
completion times, leading to a final sample of 1,053 students.
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4 Empirical Method

Following McFadden| (1974), we analyze adolescents” stated choices within a random
utility framework. In each choice situation s, adolescent i chooses between two hypo-

thetical job offers, j € {A, B}. We represent utility from alternative j as
uijs: ijs T Cijs,s i=1,...,N;s=1,...,8, (1)

where Vj;; denotes the systematic component of utility and e;j; captures unobserved fac-
tors. We assume that the error terms follow an independent type-I extreme value distri-
bution. Adolescents choose the alternative that yields higher utility. These assumptions

imply the choice probability

. exp (Vijs)
Pr(yis =j) = , (2)
i =) Yi=a,Bexp(Vis)
where y;; records the observed stated choice.
We parameterize the systematic utility component as
Vijs = aij + Ajjs0i, (3)

where A;js contains the attributes of job alternative j in choice situation s: the occupa-
tion, the fringe benefit, and the monthly wage. The term a;; captures alternative-specific
effects such as position preferences. The vector §; captures individual-specific taste pa-
rameters for the job attributes. Except for imposing a log-normal distribution on the
wage parameter, we assume normal distributions for all random parameters.

A distinctive feature of our design is that job alternatives are defined by explicitly

named occupations, whereas wages and fringe benefits are experimentally varied. The
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category of fringe benefit in particular—male-typed, female-typed, neutral, or none—is
randomized through our experimental design; within each category, the specific benefit
shown to a given participant is then randomized separately. In our main analysis we
aggregate benefits to the category level. Including multiple benefits per category ensures
that estimated effects reflect the valuation of benefit types rather than a response to any
single benefit, and allows us to verify that our results are not driven by any single benefit
or thematic topic.

Each participant faces a personalized set of four occupations that are personally rele-
vant based on predicted work-task fit and previously expressed interest (see Section 3.2).
This personalization ensures that respondents choose among occupations they could re-
alistically consider. Within each respondent, the four occupations differ systematically
in predicted fit and gender typicality. Identification, therefore, comes from the trade-
offs respondents make between occupational fit, gender atypicality, fringe benefits, and
salary within their personalized choice set.

A key feature of the design concerns how the atypical occupation enters. The identity
of a respondent’s atypical occupation depends on their predicted fit and prior interest
and is thus endogenous, but whether such an occupation appears in a given choice set
is randomized. We therefore interpret the atypical-occupation coefficient as the will-
ingness to pay for choosing the most suitable gender-atypical occupation, conditional
on predicted fit, prior interest, and the experimentally varied benefits. This coefficient
does not isolate an abstract preference for gender composition; it bundles atypicality
together with the other ways atypical occupations differ from typical ones. These dif-
ferences are real properties of the occupations adolescents actually choose among rather
than artifacts of the experimental design, and capturing them is precisely our aim. Us-
ing realistic, named alternatives—as in recent work by Caldwell, Haegele and Heining

(2026)—is a deliberate departure from designs that orthogonally randomize synthetic
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attribute bundles. One consequence is that gender-specific estimates, which we obtain
from split-sample regressions, need not be symmetric across men and women: the atyp-
ical occupations the two groups face differ in both content and feasible options. We
therefore allow the valuation of atypicality and the role of benefits to differ by gender.

We estimate a mixed logit model that allows preferences to vary across individu-
als (McFadden and Train, 2000). We conduct estimation directly in willingness-to-pay
(WTP) space, which expresses taste parameters for non-monetary job attributes in units
of monthly wages. The resulting parameters, J;, therefore quantify how much income
adolescents are willing to trade off for specific job characteristics.

Interpreting the estimates as compensating variation, the WTP parameters measure
the monetary value adolescents assign to changes in job attributes while holding overall
utility constant. For continuous characteristics, such as predicted skill fit to the occu-
pation, WTP indicates the income adolescents would give up to be indifferent between
the current level and an increase in the attribute. For discrete features, such as occu-
pational atypicality or the presence of a fringe benefit, WTP captures the compensation
required for remaining indifferent between not having and having the attribute. A nega-
tive WTP coefficient indicates that adolescents dislike the attribute and require compen-
sation, whereas a positive coefficient implies that they value the attribute and are willing

to accept lower wages in exchangeH

5 Results

We begin by evaluating whether adolescents in general value fringe benefits at all. Table
B| reports mean WTP estimates from mixed logit models estimated in WTP space, ex-

pressed in monthly wage terms: column (1) for the pooled main sample, column (2) for

%See, e.g., Gschwendt, Viarengo and Zollner (2026) for a related application of WTP-space mixed logit
models to the valuation of non-monetary job attributes.
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temale participants, and column (3) for male participants.

Participants value fringe benefits and are willing to forgo salary to obtain them, fully
in line with our first pre-registered primary hypothesis. On average, a respondent is
indifferent between pursuing an occupation with or without a benefit if the occupation
with the benefit pays 207 CHF less per month, indicating a positive valuation of benefits
in general. At the same time, participants are averse to gender-atypical occupations: on
average, they are indifferent between an atypical and a typical occupation only when the
atypical one pays about CHF 304 more per month. This aversion holds even though our

design conditions on occupational fit and prior interest.

Table 3: Average Valuation of Fringe Benefits and Occupation’s Gender

Atypicality
Pooled sample Females Males
(1) (2) €)
Occupational fit 14.32*** 15.11%%% 13.85%**
(2.49) (3-35) (3-74)
Prior Interest in Occ. 674.77%** 650.43*** 695.627%**
(31.06) (40.42) (48.57)
Any Benefit 206.78*** 243.45%** 162.06***
(16.96) (23-44) (25.17)
Atypical Occ -304.64*** -375.06%** -215.56%**
(33.99) (47.37) (48.50)
N 16,848 9,392 7,456

Note: The dependent variable is always choosing the specific apprenticeship A or B in the DCE.
Wage is measured in Swiss Francs (CHF) of monthly salary; fit to occupational tasks is measured
in percentage points. We control for the randomization order of option A and B.

*p <o.10, ¥ p < 0.05 **p < o0.01

These are large amounts relative to a first-year apprenticeship wage, and we caution

against reading them as a fraction of apprenticeship pay. First-year wages are a small and
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short-lived part of the lifetime returns to an apprenticeship, which is chosen primarily
for the career it launches; giving up current wage for a better-matched or more appeal-
ing training position is arguably a sensible investment, much as students routinely trade
current earnings for education. We therefore treat the absolute CHF magnitudes as in-
dicative rather than exact, and place more weight on the relative comparisons—benefits
versus atypicality, and women versus men—which are robust to the level considerations
just described |

This last point speaks to a common intuition in the design of compensation: that
firms should simply pay more, since cash lets recipients buy whatever they most value.
Our results qualify that intuition in this setting. Adolescents forgo considerable cash for
benefits, valuing what a benefit signals about the training position beyond the cash it
displacesﬂ This is not to say cash has no value—it plainly does—but the signal a benefit
conveys appears far stronger than its likely monetary worth.

Our estimated preferences also predict participants’ subsequent behavior on the plat-
form. Among participants who remained active after the survey, those with a higher
estimated willingness to pay for atypical occupations directed a larger share of their
later applications and overall activity toward atypical occupations (Appendix Table|A.3).
The associations are economically meaningful: a one-standard-deviation increase in esti-
mated individual WTP for atypical occupations is associated with an increase of roughly
40% of the mean in the share of applications directed at such occupations. We read this

as evidence that our choice-experiment estimates capture preferences that carry over into

7Relative comparisons are also more robust to well-documented tendencies for stated WIP to exceed
revealed WTP in hypothetical settings (Murphy et al., 2005; |List and Gallet, 2001), to the extent that such
biases scale the estimates rather than alter their ratios.

8The monetary value of a benefit was deliberately left unspecified in the choice sets, so these estimates
should not be read as the cash-equivalent price of a specific benefit. That value is difficult to pin down,
but for the benefits we study—such as a discount card or an in-house course—it is evidently far below the
amounts participants are willing to forgo, even when allowing for the caution about absolute magnitudes
above.
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real behavior.

Table [3] also reports the estimated valuations of occupational fit and prior interest.
Participants are willing to forgo CHF 14-15 per month for a one-point increase in work-
task fit, and they place a substantial value on occupations in which they have previ-
ously shown interest. These patterns are consistent with participants engaging with the
choice tasks as intended—valuing better-fitting and previously-preferred occupations—
and provide a useful benchmark for the relative magnitude of the benefit and atypicality
effects above.

We next turn to heterogeneity by participant gender and benefit type (Table |4). Two
patterns stand out. First, atypical benefits are valued least of the three benefit types.
However, while female participants still value atypical benefits positively relative to re-
ceiving no benefit, male participants value them negatively, requiring compensation to
accept them. These effects are not driven by a single benefit topic (Appendix Table |A.13)
and this asymmetry is consistent with an identity-based account in which male-typed
norms make female-typed benefits costly for young men (Akerlof and Kranton, 2000).

Second, the interaction between benefits and occupational atypicality differs sharply
by gender. For female participants, benefits raise the valuation of an atypical occupa-
tion: the interaction terms are positive and significant across benefit types. For male
participants, these interactions are insignificant. In other words, benefits raise female
participants” valuation of atypical occupations specifically, over and above their general
value; for male participants, this extra boost is absent. This result speaks to our sec-
ond pre-registered primary hypothesis, that stereotypical benefits raise the probability
of choosing an atypical occupation. The hypothesis is borne out, but only for female
participants. Moreover, while it was framed in terms of stereotypical benefits, we find
the same pattern for neutral benefits and, if anything, more strongly for atypical ben-

efits; the effect of benefits on the appeal of atypical occupations is thus not specific to

22



stereotypical ones}|

Table 4: Heterogeneity by Gender and Benefit Type

Pooled sample  Females Males  Pooled sample Females  Males
(1) @) €)) ) (5) (6)
Occupational fit 17.65%** 16.65%** 18.34*** 16.24*** 16.08***  16.217
(2.35) (3-23) (3-31) (2.38) (3-36) (3-43)
Prior interest in Occ. 634.65%** 625.04™*  626.03*** 620.79*** 611.30"**  611.50%**
(27.97) (37:34)  (4149) (27.99) (37.90)  (43-49)
Atypical Benefit 49.57** 150.82%**  -73.32%* 17.12 96.817*  -77.21%*
(20.04) (27.97)  (28.63) (23-53) (B1.92) (3451
Stereotypical Benefit 213.50%** 181.36"**  237.15%** 165.31%** 122.97%**  205.20%**
(23-42) (3239) (3313 (29-28) (3927)  (42:57)
Neutral Benefit 317.03%** 331.38%*  293.54*** 275.58%** 283.06™*  267.74%**
(19.13) (25.99)  (27.53) (22.33) (Bo.11)  (32.62)
Atypical Occ. -248.39*** -362.33%%*  -119.46*** -379.05%** -624.69***  -154.91**
(32.05) (45-63)  (4249) (55-27) (87.49)  (70.51)
Atyp. Occ.*Stereo. Ben. 164.48*** 214.01%* 77.16
(61.67) (86.52) (86.79)
Atyp. Occ.*Neut. Ben. 152.35%** 198.11%** 84.22
(47.74) (66.95)  (66.78)
Atyp. Occ.*Atyp. Ben. 161.60™* 351.86***  -27.12
(67:36) (96.76)  (98.47)
N 16848 9392 7456 16848 9392 7456

Note: The dependent variable is always choosing the specific apprenticeship A or B in the DCE.
Wage is measured in Swiss Francs (CHF) of monthly salary; Fit is measured in percentage points
of fit in occupational tasks. We control for the randomization order of option A and B.

*p <o.10, ™ p < 0.05 *** p < o.01

In sum, fringe benefits operate asymmetrically by gender. Benefits are valued by both
groups, and substantially so. However, male participants are averse to atypical benefits,

so offering those can produce a backlash. For female participants, in turn, benefits are

9The main results presented in Table b] and l‘i‘ remain qualitatively similar for 8th-grade students intending
to pursue an apprenticeship and for gth-grade and other students. Further, estimating the WTP in terms
of fit rather than in monetary terms yields a highly similar picture.
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valued even more when paired with an atypical occupation, making them especially

effective at drawing women toward these occupations.

6 Mechanisms

Two features of our main results call for explanation. The first are the level effects: par-
ticipants have a strong aversion to atypical occupations—even after controlling for occu-
pational fit and prior interest—and they place substantial value on fringe benefits. The
second is the interaction: participants value fringe benefits even more if they are com-
bined with atypical occupations, a pattern driven almost entirely by female participants.
We investigate both perceived firm attributes and the participants” social environment
as potential mechanisms behind these findings; both were specified in our pre-analysis
plan. These mechanisms account well for the level effects, but less so for the interaction.
In addition, we investigate a third mechanism—gender identity—and show how it helps
explain the most pronounced of these interactions for female participants, that between
atypical occupations and atypical benefits.

Throughout, we distinguish two uses of the full sample. Because full-sample respon-
dents differ from our main sample (Appendix [D), full-sample results cannot be inter-
preted as the mechanism behind our main-sample estimates; a channel that appears only
in the full sample explains a different population’s choices, not ours. Full-sample results
can, however, establish a pattern more generally and with greater power. We therefore
treat full-sample findings as evidence about the broader relationship—for example, that
stereotypical benefits reduce anticipated teasing—rather than as mechanisms specific to

our main results, which we identify only in the main sample.
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6.1 Firm Perceptions

The first mechanism we examine is whether firms that offer certain types of fringe ben-
efits are perceived as different along other dimensions as well. To investigate this possi-
ble mechanism, we included seven follow-up survey questions after the DCE. For each
participant, we randomly selected three occupation-benefit combinations from the 16
combinations previously shown in their choice sets. For each of them, we asked partic-
ipants to evaluate the firm on the following seven dimensions: (1) how much the firm
cares about its employees, (2) how much the firm would support their career, (3) how
much they would like the team in that firm, (4) the financial affluence of the firm, (5)
the likelihood of receiving an offer from the firm, (6) whether the firm struggles to find
apprentices, and (7) the share of employees of the opposite gender.

Table [5| shows that participants perceive firms offering atypical occupations more
negatively across all evaluated dimensions. Specifically, they expect a lower level of
care, less career support, anticipate liking the team less, and perceive the firm to be
less financially well-off. Moreover, participants believe that their receiving an offer is
less likely if they applied, while also viewing the firm as struggling more to recruit
apprentices. Estimating the regressions separately by gender (Appendix Tables|A.11 and
|A.12) shows that this penalty is clearly more pronounced for female participants: their
coefficients are larger across nearly all dimensions['° The split estimates are individually
less precise, as halving the sample raises standard errors, but the point estimates align
with the pooled pattern across all dimensions and both genders and remain significant

except for the care dimension for male participants.

°The one exception to the gender pattern is perceived firm affluence, where the penalty is slightly larger
for male participants. Here participants may in part be tracking a real pattern rather than a mispercep-
tion: female-typed occupations are concentrated in lower-paying firms (e.g., Card, Cardoso and Kline,
2016), so a lower expected affluence for such firms is, on average, accurate.
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Table 5: Perceived Firm Attributes

(1) (2) ) (4) (5) (6) @)
Care  Support Team  Affluent Offer Diff. find Opp. Gend.
Atypical Occ. -0.08***  -0.22***  -0.13*** -0.10"* -0.23***  o0.15"** 23.99***
(0.02) (0.03) (0.02) (0.03) (0.03) (0.03) (1.39)
Stereotypical Benefit 0.09***  0.12***  0.05** 0.22%** -0.04 -0.11%** -2.93%
(0.02) (0.03) (0.03) (0.03) (0.03) (0.03) (1.56)
Neutral Benefit 0.13**  0.10%** 0.06** 0.25*** -0.04 -0.11%** 2.27
(0.02) (0.03) (0.03) (0.03) (0.03) (0.04) (1.63)
Atypical Benefit 0.09*** -0.03 -0.02 0.20™**  -0.18*** -0.06 9.35%**
(0.03)  (004)  (0.03)  (003)  (0.03) (0.04) (1.72)
Atyp. Occ.*Any Ben. 0.05* 0.09** -0.02 0.08** 0.05 -0.10** -5.80%**
(0.03)  (004)  (0.03)  (0.04)  (0.04) (0.04) (1.75)
N 2741 2741 2741 2741 2741 2741 2741
Mean of Dependent Var.  0.842 0.629 0.782 0.695 0.612 0.470 50.270

Note: The dependent variables are: perceived care for employees, support for their career prospects as a
(wo)man, expected team fit, firm affluence, likelihood of receiving an offer, the firm’s difficulty in finding
apprentices, and share of opposite-gender employees. All specifications control for the three participant
characteristics that, by chance, are imbalanced across bundle exposure: gender, gender identity, and a
high-ability indicator (see Appendix Table |A._1o). All but column (7) are measured on a 4-point Likert
scale and coded as a dummy equal to one if respondents selected one of the top two categories. Column
(7) is measured on a 0-100 scale.

*p <o.10, ™ p < 0.05 **p <o0.01

This pattern offers a natural explanation for one of our main results, that participants
value atypical occupations less, even conditional on fit and prior interest. If an atypical
occupation leads participants to expect a less caring, less supportive firm and a team they
will like less, a lower valuation follows. The parallel is instructive: female participants
both dislike atypical occupations more in the choice experiment and downgrade their
perceptions of such firms more strongly here. That the gender gap runs in the same

direction and is more pronounced for women in both places is consistent with perceived
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tirm attributes being an important channel behind the aversion to atypical occupations,
and behind the gender difference in it.

In contrast, fringe benefits—particularly neutral and stereotypical ones—consistently
improve perceptions across these characteristics, which helps account for why partici-
pants value them. The one exception is intuitive: atypical benefits lower the perceived
likelihood of receiving an offer, in line with an atypical benefit signaling that the firm
prefers to hire from the opposite gender. Full-sample versions of these regressions,
reported in the Appendix (Tables [A.20 and |[A.21), are consistent with the level-effect
patterns described here.

Column (7) serves as a manipulation check. The outcome is the share of opposite-
gender workers (measured on a 0-100 scale) participants expect at a firm offering the
given bundle. Participants read the gender content of the bundles as intended: they ex-
pect a substantially higher opposite-gender share at firms offering atypical occupations,
a higher share when the benefit is atypical, and a lower share when the benefit is stereo-
typical for their gender. This confirms that participants perceive both the occupation
and the benefit as gender signals—the premise underlying the firm perception results
above[]

Turning to the interaction between benefits and occupational atypicality, we pool the
three benefit types into a single indicator. Our main results showed that all three in-
teractions with occupational atypicality are positive; we therefore combine them to ask
directly whether benefits in general improve firm perceptions more when attached to

an atypical occupation, which also increases statistical power. This interaction is more

"The atypical-occupation x benefit interaction in column (7) is strongly significant, negative, and driven
by female participants. This likely reflects at least in part a ceiling effect: atypical occupations already
have a high opposite-gender share, so the positive effect of benefits on the expected share is mechanically
compressed when the occupation is atypical and the share is already near the top of the scale. In
addition, participants may anticipate benefits drawing additional same-gender applicants to atypical-
occupation firms, which would be consistent with female participants” higher valuation of such firms,
but we cannot separate the two interpretations here.
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demanding to identify than the level effects. Because occupation-benefit bundles were
randomized within each participant, participant fixed effects are not needed to address
confounding; instead, they absorb each participant’s baseline rating level at the cost of
within-participant degrees of freedom. For the level effects this is immaterial: they are
virtually identical with and without fixed effects. For the interaction, however, three
bundles per participant leave little within-participant variation in the combination of
atypicality and benefit. Including participant fixed effects, therefore, absorbs most of the
identifying variation, leaving the interaction imprecisely estimated. We therefore iden-
tify the interaction from between-participant variation, which is valid under the within-
participant randomization of bundles. We confirm that this randomization produced
exposure that is broadly balanced across participant characteristics, with the exceptions
of chance associations with gender, gender identity, and a high-ability indicator, all of
which we control for throughout (Appendix Table |A.10). Therefore, we report specifi-
cations without participant fixed effects. We are transparent that this interaction is not
robust to their inclusion; we read it as suggestive rather than as established evidence,
and weaker than the robust level effects.

With this caveat, the pooled interaction offers suggestive evidence for perceived firm
attributes as a channel behind the interaction in our main results. Benefits improve per-
ceived career support significantly more when attached to an atypical occupation, and
this effect is driven by female participants—the same group that drives the interaction
in the choice experiment['?] A weaker interaction appears for perceived care, although
it is not specific to either gender. In the full sample, where statistical power is higher,
the support interaction remains driven by female participants (Appendix Tables |A.20

and |A.21). We read these estimates as consistent with improved perceptions of firm

'2A parallel interaction appears for perceived firm affluence, driven by male participants, consistent with
the level result on affluence discussed above.
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support partly explaining the female-driven interaction in our main results.

6.2 Social Environment

We next examine whether anticipated reactions from peers and parents help explain why
participants penalize atypical occupations. For peers, we test our pre-registered hypoth-
esis that a stereotypical benefit reduces the teasing a participant expects for choosing
an atypical occupation. We asked participants how often they expect a young man
or woman like themselves to be teased by their classmates (following Storch et al.,
2004) if they chose their most suitable atypical occupation (occupation 1), randomly
adding a stereotypical benefit for half of them. The estimated effect is negative across all
specifications—consistent with the pre-registered direction—but is not statistically sig-
nificant in our main sample (Appendix Table |A.14). It is concentrated in second-order
beliefs about how peers would answer, which reach marginal significance in some spec-
ifications for the full sample (Appendix Table|A.22). Since we only see significant results
in the 2nd order beliefs in the full sample, we read this as suggestive but directionally
consistent evidence for a general pattern that stereotypical benefits reduce anticipated
teasing in atypical occupations—but not as an explanation for our main results.

The parental measure is more informative. We asked participants—before they saw
the results of their DCE—whether they wanted us to share these results with their par-
ents. Participants could choose to always share, never share, or conditionally withhold
sharing in specific cases. Specifically, they could opt not to share the result in any of
the following scenarios: (1) the occupation is their assigned atypical occupation, and the
benefit is “no benefit;” (2) the occupation is their assigned atypical occupation, and the
benefit is stereotypical; (3) the occupation is the one in which they had previously shown
interest, and the benefit is atypical; and (4) the occupation is the one for which they had

previously shown interest, and the benefit is “none.”
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We find that participants are significantly less likely to share their DCE results with
their parents when the result features their assigned atypical occupation than when it
features the occupation in which they had previously expressed interest (see Appendix
Table [A.15). This holds for both male and female participants, indicating that the reluc-
tance surrounding atypical occupations has a social dimension as well: participants are
less willing to expose an atypical choice to their parents. Beyond the occupation, par-
ticipants are also less likely to share results that include an atypical fringe benefit than
results with no benefit. While male participants were the ones with an outright aversion
to atypical benefits in the choice experiment, we do not see them as a particularly strong
driver of the effect. Female participants, by contrast, place a positive value on atypical
benefits in the choice experiment, albeit lower than for stereotypical or neutral benefits.
Yet they are no less reluctant than men to disclose them to their parents—suggesting that
their lower valuation might reflect not only preferences but also social pressure. Taken
together, the parental results point to a broad social reluctance toward anything atypical,
strongest for atypical occupations and weaker for atypical benefits /3|

The social channel does not explain the interaction effects in our main results. Pairing
an atypical occupation with a stereotypical benefit has no significant effect on parental
sharing, for either gender, and the same is true for the peer measure. The social environ-
ment thus speaks to why atypical occupations are penalized, not to why benefits raise

their valuation.

BIn the full sample, we find a pattern consistent with this identity logic for male participants specifically:
pairing the atypical occupation with a stereotypical benefit makes them more willing to share the result
with their parents (Appendix Table |A.23). A gender-conforming benefit appears to offset some of the
identity cost of an atypical choice, making it easier to disclose at home—much as identity-based models
would predict (Akerlof and Kranton, [2000). This is absent in the main sample, so we do not read it as
explaining our main results.
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6.3 Gender Identity and Conformity

Our main results showed a large positive interaction coefficient for female participants
when atypical fringe benefits are combined with atypical occupations. One candidate
mechanism behind this interaction is that it is concentrated among a particular group of
women—those who are less gender-conforming—for whom a taste for atypical benefits,
greater openness to atypical occupations, and a less feminine self-identity tend to go
together. If so, benefits raise the appeal of atypical occupations not by overcoming a
strong aversion, but because the women who most value atypical benefits are also those
least resistant to atypical occupations to begin with.

Figure [1] provides a first look. It plots the distribution of individual-level WTP among
female and male participants for atypical benefits and for atypical occupations. For
women, we find substantial heterogeneity in both: while most women dislike atypical
occupations—some of them very strongly—a meaningful share do not, and valuations of
atypical benefits range widely. For men the picture is different: most men dislike atypical

benefits and the individual WTP for atypical occupations is also more concentrated.

Figure 1: Individual WTP for atypical benefits and occupation
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To examine this heterogeneity further, we draw on measures of gender identity and

conformity collected in the survey. Following Brenoe et al. (2022), gender identity is a
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standardized index (mean o, SD 1) constructed from two questions capturing how femi-
nine or masculine participants perceive themselves to be and how feminine or masculine
they believe others perceive them, with higher values indicating a more feminine self-
perception. Conformity is captured by two further measures: “Normal behavior” is a
standardized index indicating whether students report behaving in ways they consider
socially normal, with higher values reflecting stronger agreement. “Opinion of others
matters” is a standardized index measuring the importance students attach to the opin-
ions of others, with higher values indicating greater importance. The underlying survey
items are measured on a 1-5 Likert scale. In addition, after the choice experiment, we
directly elicit students” valuation of the respective fringe benefits—whether they would
like them very much, moderately, or not at all. The role of interest in the amenities and
occupations was pre-registered as a secondary outcome, whereas the gender-identity
analysis is more exploratory; we examine both here.

Appendix Table [A.16 relates female and male participants” individual WTP for en-
tering an atypical occupation to their gender identity, conformity, and stated benefit
preferences. Female participants who perceive themselves as more feminine display a
lower individual WTP for atypical occupations; those who like atypical benefits, or dis-
like stereotypical ones, display a less negative individual WTP. A common underlying
disposition thus appears to shape all three: a less feminine identity, a taste for atypi-
cal benefits, and greater openness to atypical occupations tend to co-occur within the
same female participant. A consistent reading is that benefits are especially effective
at drawing female participants into atypical occupations because they most appeal to
those already least resistant to them—which can at least partly explain the pronounced
interaction between atypical benefits and occupations we find for female participants.

We find no such patterns for male participants.
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7 Discussion and Conclusion

We analyze how fringe benefits affect occupational choice by using a discrete choice
experiment that leverages rich background information to present participants with oc-
cupations relevant to them. Varying fringe benefits across several thematic categories,
we use, within each category, comparable benefits that are framed as gender-neutral,
male-typed, or female-typed.

Our findings show that participants value fringe benefits: the effect of receiving a
benefit is around a third as large as the effect of having prior interest in the occupation.
Moreover, offering benefits—particularly neutral and stereotypical ones—substantially
improves perceptions of a range of firm characteristics, extending well beyond the con-
tent of the benefit itself.

We also find substantial gender differences. Male participants are deterred by female-
typed benefits, whereas all other benefits are valued positively. Female participants, in
turn, respond more strongly to benefits when these are paired with an atypical occupa-
tion, while male participants” valuation of benefits does not significantly vary with the
typicality of the occupation.

Male participants” behavior is consistent with identity economics (Akerlof and Kran-
ton, 2000): both atypical occupations and atypical benefits reduce their utility. Female
participants, in contrast, value benefits—particularly atypical ones—more when these
are paired with atypical occupations. While female participants are themselves averse to
atypical occupations, they do not exhibit the same aversion to atypical benefits that male
participants do, consistent with weaker norm-related penalties for female-typed benefit
choices (Palffy, Lehnert and Backes-Gellner, 2023). Two mechanisms help account for the
female pattern. First, suggestive evidence shows that female participants perceive firms

offering atypical occupations as less supportive—unless those firms also offer benefits—

33



so that benefits partly offset an otherwise negative firm image. Second, a self-selection
channel helps explain why atypical benefits are especially effective at drawing female
participants toward atypical occupations: the female participants who penalize atypical
occupations least are also those who perceive themselves as less feminine and who value
male-typed benefits more than other female participants do. We also collect measures
of anticipated social pressure from peers and parents; these are consistent with a social
dimension to the reluctance surrounding atypical choices, but we do not find that this
channel operates differently across genders.

In sum, fringe benefits can serve as a powerful tool for improving a firm’s image
and broadening its appeal, well beyond the content of the benefits themselves. Be-
cause fringe benefits may be gendered—intentionally or not—our results suggest that
gender-neutral benefits perform best. Male-typed benefits, while somewhat less valued
by female participants, are still positively received, particularly by those considering
atypical occupations. Female-typed benefits, by contrast, risk deterring male candi-
dates. We therefore suggest, where feasible, framing benefits in a gender-neutral or
male-typed way—especially when they might otherwise be perceived as female-typed.
More broadly, carefully designed fringe benefits can play a meaningful role in encour-

aging individuals to consider occupations they might not otherwise have explored.
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A Validation

Several of our central measures are constructed rather than directly observed: partici-
pants” occupational fit, their willingness to pay for job attributes, and the gender-typing
of the fringe benefits. This appendix validates each against independent evidence. We
show, in turn, that the occupation-finder match score reflects genuine occupational fit,
that our estimated preferences predict participants” subsequent real behavior, and that

the benefits are gender-typed as intended.

The match score reflects genuine fit

Table A.1: Match Score and Platform Behavior

(1) (2) () (4) (5)
View  Application Watchlist Search Alert Any Engagement
Match score 0.0835"**  o0.0771***  0.2539"**  0.0092"** 0.3227"**
(0.0013) (0.0011) (0.0021) (0.0002) (0.0027)
Mean of dep. var.  0.0133 0.0108 0.0245 0.0009 0.0383
Observations 9,911,869 9,911,869 9,911,869 9,911,869 9,911,869

Note: Each column reports a separate OLS regression of a binary outcome on the occupation-finder match
score, at the user-occupation level. The match score is rescaled to the unit interval, so coefficients give the
change in the probability of the outcome from moving across various match measures. Outcomes indicate
viewing an occupation, applying (to either a trial or full apprenticeship), adding it to a watchlist, setting
a search alert, submitting an application, and any of these. The application indicator equals one if a user
applied through either the platform’s partner-firm channel or a click on “apply” was recorded. Base rates
are low because many users are largely inactive. Standard errors clustered at the user level in parentheses.
*p <010, ** p < 0.05 ***p < 0.01.

Our personalized choice sets rely on Yousty’s occupation-finder match score to iden-
tify each participant’s best-fitting occupations. Table |A.1/ validates this measure against
the revealed behavior of the platform’s full user population. Across a range of engage-

ment outcomes—viewing an occupation, adding it to a watchlist, setting a search alert,



and applying—a higher match score is strongly associated with greater engagement. For
a user’s top 20 matches, this association is potentially confounded: the platform recom-
mends those occupations precisely because of their high fit, so engagement may reflect
exposure rather than fit itself. Table |A.2 shows that the association holds even outside
the top 20 occupations and therefore reflects genuine fit rather than the platform’s own
recommendations. Because this analysis draws on the full population of platform users,
it is estimated with considerable power. Reassuringly, the relationships are economically

large relative to the low base rates of these behaviors.

Table A.z2: Match Score and Platform Behavior (not recommended
occupations only)

(1) (2) ) (4) (5)
View  Application Watchlist Search Alert Any Engagement
Match score 0.0314™*  0.0268"**  0.0288"**  0.0021"** 0.0640"**
(0.0011) (0.0009) (0.0009) (0.0001) (0.0017)
Mean of dep. var.  0.0092 0.0071 0.0063 0.0004 0.0172
Observations 8,493,871 8,493,871 8,493,871 8,493,871 8,493,871

Notes: Each column reports a separate OLS regression of a binary outcome on the occupation-finder match
score, at the user-occupation level, restricted to occupations ranked outside each user’s top 20 matches.
Because the platform surfaces occupations in order of match score, users are unlikely to have seen these
lower-ranked occupations; any association between match score and behavior therefore reflects genuine fit
rather than the platform’s recommendation ordering. The match score is rescaled to the unit interval, so
coefficients give the change in the probability of the outcome from moving across various match measures.
Outcomes indicate viewing an occupation, applying (to either a trial or full apprenticeship), adding it to
a watchlist, setting a search alert, submitting an application, and any of these. The application indicator
equals one if a user applied through either the platform’s partner-firm channel or a click on “apply” was
recorded. Base rates are low because many users are largely inactive. Standard errors clustered at the user
level in parentheses.

*p <010, ™ p < 0.05 ***p < 0.01.



Estimated preferences predict subsequent behavior

Table|A.3 turns from the fit measure to our estimated preferences. If our choice-experiment
estimates capture real preferences, participants who value atypical occupations more in
the experiment should direct more of their subsequent platform activity toward such
occupations. Among participants who remained active after the survey, we find ex-
actly this: a higher standardized (mean o, SD 1) individual WTP for atypical occupa-
tions predicts a larger share of post-survey engagement—views, applications, and search
activity—directed at atypical-for-the-participant occupations. The associations are eco-
nomically meaningful. A one-standard-deviation increase in estimated WTP for atypical
occupations is associated with an increase of roughly 40% of the mean in the share of
applications directed at atypical occupations, and of a similar magnitude for overall en-

gagement. Two caveats apply. The result is necessarily conditional on remaining active

Table A.3: Ex-Post Platform Behavior vs Estimated WTP

View  Application Search Alert Any Engagement

(1) (2) (3) (4)
Stdzd. WTP Atyp. Occ.  0.0184 0.0372** 0.1148"** 0.0319™*
(0.0141) (0.0145) (0.0390) (0.0133)
Mean dep. var. 0.1285 0.0897 0.1000 0.0897
N 340 330 60 416

Note: Each column reports a separate OLS regression, at the participant level, of the share of a participant’s
post-survey platform engagement directed at gender-atypical occupations on their standardized estimated
WTP for atypical occupations (mean o, SD 1). Outcomes are the share of post-February 2025 (when 99%
of the sample had completed the survey) views, applications, search alerts, and any engagement that
concerned atypical occupations; the sample is the main sample, restricted to participants with any post-
survey activity of the relevant type (a nonzero denominator). Watchlist activity is omitted as no participant
recorded post-survey watchlist actions. Standard errors in parentheses.

*p <010, ** p < 0.05 ***p < 0.01.



after the survey, as the outcome is undefined for participants with no subsequent activ-
ity. And the search-alert estimate rests on very few participants and should not be read
too strongly. The application measure combines applications and apply-clicks recorded

through the platform, and is robust to using either alone.

The benefits are gender-typed as intended

Finally, our design relies on benefits that adolescents classify as male-typed, female-
typed, or gender-neutral (based on piloting among a different set of adolescents). Ta-
ble |A.4 confirms that these classifications hold in our own sample. Participants’ own
stated preferences track the intended typing: female-typed benefits are wanted more by
female participants and male-typed benefits more by male participants, with large and
consistent gender gaps. Neutral benefits, by contrast, show no systematic gender dif-
ference, with two marginal exceptions (the company gym and product discounts, which
lean slightly male). This confirms that the gender-typing central to our design reflects
how adolescents themselves perceive these benefits, rather than an assumption we im-

pose.



Table A.4: Preferences for Fringe Benefits

Do not want at all Is ok Really want it N

Men Women Men Women Men Women Men Women

Car license 0.042 0.057 0.333 0.397 0.625 0.546 96 141
Company gym 0.067 0.071 0.392 0.546** 0.542 0.383"** 120 141
Company-course dancing 0.604  0.323"*  0.270 0.492*** 0.036 0.185*** 196 248
Company-course weight room 0.075  0.238"* 0462 0509 0462 0.253*** 199 269
Disc w. many beauty products 0.505  0.093*** 0432 0.508 0.062 0.398"* 192 246

Disc w. many games/technology 0.085 0.306™** 0476 0558 0439 0.136"* 189 242

Discounts w. products 0.017 0.068** 0.500 0.521 0483 0.411 120 146
Mentoring 0.039 0.079 0.496  0.439 0.465 0.482 127 139
Mentoring for girls 0.548  0.049"**  0.356 0.461** 0.096 0.490*** 188 243
Motorcycle license 0.082  0.249™*  0.469 0453 0.449 0.298** 196 225
Public transport 0.028 0.026 0.284 0.205 0.688 0.769 109 156

Note: Each cell reports, separately by gender, the share of participants selecting each response category
when asked how much they would like a given benefit. Benefits are grouped as male-typed, female-typed,
or gender-neutral based on adolescents” own classifications. Stars denote significant gender differences
in the share selecting that category (from a test of proportions). The final columns report the number
of participants asked about each benefit. Each participant was asked about 2 neutral, 2 atypical, and 2
stereotypical benefits; as there are more neutral benefits in total, the N per benefit is naturally lower. This
table reports main sample results; the full-sample version appears in Appendix [D|(Table |A.24).



B Firm Survey

To complement our experimental evidence on the demand side, we conducted a short
survey of Swiss firms on their use of fringe benefits. The sample is a convenience sample
of 82 firms and is not representative; we therefore treat its results as suggestive context
rather than as systematic evidence. Of these firms, 57 offer fringe benefits, and the

questions on why and which benefits are offered were asked only of these 57.

Table A.5: Summary stats: Firm survey

No Benefits Benefits

Number of occupations 2.600 (2.887) 3.579 (3.289)

Micro firms 0.400 (0.500) 0.123 (0.331)
Small firms 0.360 (0.490) 0.281 (0.453)
Medium firms 0.174 (0.388) 0.358 (0.484)
Large firms 0.100 (0.308) 0.288 (0.457)
Observations 25 57

Note: Summary statistics for the firm survey, separately for firms that do and do not offer fringe benefits.
Means with standard deviations in parentheses. The sample comprises 82 Swiss firms (25 without and 57
with benefits) recruited as a convenience sample; it is not representative of Swiss firms.

Table|A.5 compares firms that do and do not offer benefits. Benefit-offering firms tend
to be larger and to span more occupations: the average benefit-offering firm advertises
for close to four occupations, against roughly two and a half for firms without benefits,
and is more likely to be a medium or large firm. Benefits are nonetheless present across
the size distribution, including among small and micro firms.

Tables [A.6 and |[A.7 report firms’ stated reasons for offering benefits. The most com-
mon motivations concern recruitment and retention, consistent with the labor-market

pressures that motivate our study. Notably, a majority of benefit-offering firms report



using benefits to communicate the firm’s values—something higher wages alone cannot

do—which echoes the signaling interpretation we develop for participants’ valuations.

Table A.6: Reported reasons to offer benefits

Attract labor 0.236 (0.429
Attract specific labor 0.200 (0.404

)
)
Improve employee happiness 0.818 (0.389)
)

Employee attachment 0.418 (0.498
Employee health 0.019 (0.139)
Equal treatment 0.057 (0.233)
Employer development 0.038 (0.194)
Stay competitive 0.077 (0.269)
Increase productivity 0.019 (0.139)
Observations 57

Note: Stated reasons for offering fringe benefits, among the 57 firms that offer them. Each row reports the
share of firms citing that reason; firms could cite multiple reasons. Standard deviations in parentheses.

Table |A.8 lists which specific benefits firms offer. All benefits in our choice sets are
offered in practice, although some are more common than others: neutral benefits such
as public-transport contributions and partner-company discounts are widespread, while

the more strongly gender-typed benefits are offered less frequently.



Table A.7: Reasons to offer benefits instead of higher wages

Cheaper for company 0.127 (0.336
Better than more salary 0.200 (0.404

Communicate values 0.618 (0.490

Increase productivity 0.019 (0.139

)
)
)
Same treatment as senior employees 0.058 (0.235)
)
Offer increase in salary and benefits o0.151 (0.361)

)

Other 0.089 (0.288

Observations 57

Note: Stated reasons firms offer benefits rather than equivalent additional wages, among the 57 benefit-
offering firms. Shares; multiple responses possible.



Table A.8: Specific benefits offered by firms.

Mobility
Bus 0.596 (0.495)
Car 0.070 (0.258)
Motorcycle 0.018 (0.132)
Sports
Gym 0.088 (0.285)
Dance 0.035 (0.186)
Muscle building 0.018 (0.132)
Discounts
Products of partner companies 0.421  (0.498)
Beauty products 0.053 (0.225)
IT-Products/Videogame 0.070 (0.258)
Career
Career Mentoring Program 0.088 (0.285)
Career Mentoring Program for Women 0.018 (0.132)

Coverage of educational expenses (e.g. school material) 0.333 (0.476)

Other
Coverage of work material (e.g. free laundry service) 0.228 (0.423)
Company events 0.105 (0.310)
Voucher for leasure activities 0.105 (0.310)
Food 0.123 (0.331)
Health improving nudges 0.035 (0.186)
More vacation days 0.088 (0.285)
Financial Bonus 0.193 (0.398)

Observations 57

Note: Specific fringe benefits offered by the 57 benefit-offering firms, by category. Each row reports the
share offering that benefit.



C Additional Main-Sample Tables

This appendix collects supplementary tables referenced in the main text. These tables

all concern the main sample, which is described in Table|A.9.

Table A.9: Summary Table

Main Sample
N Mean SD

Female 1053 0.557 0.497
Age 1053 14.618 1.102

Ability: Low 1053 0.246 0.431
Ability: Middle 1053 0.470 0.499
Ability: High 1053 0.284 0.451

Note: This table shows simple summary characteristics of the main sample. Ability

is a combination of track and math grade. Students can attend their lessons in a

high, middle, or low track. Grades range from 1 to 6, with 6 being the highest

grade. Students need a 4 to pass. Students are at a low ability if attending the

lowest track or the middle track, but perform worse than a 4.5 in math. Students

are high-ability if they attend the high track and score a math grade of 4.5 or above.

The rest of the students are of middle ability.

*p <o.10, ** p < 0.05, *** p < o0.01

Table |A.10 regresses each participant’s exposure to key bundle features on their char-

acteristics. Although bundle assignment was randomized, we find a small association
between exposure and participant gender—and, correspondingly, with our index of per-
ceived gender identity, which is mechanically correlated with sex. The joint test does
not reject balance for exposure to the atypical occupation or the interaction cell, and
only marginally so for any benefit. We interpret the imbalance as a chance product of
randomization in a finite sample and control for gender in the pooled specification in

the main text. Because this imbalance operates through gender, it cannot confound our

mechanism estimates in Tables [A.11 and |A.12, which we compute separately for male

10



and female participants: within a single-gender sample, there is no between-gender

variation in exposure to drive spurious associations.

Table A.10: Balance of Bundle Exposure on Participant Characteristics

(™ @ €
Interaction cell Atyp. occ. Any benefit

Female 0.026"* 0.025" -0.032**
(0.015) (0.014) (0.015)
Ability: Low 0.019 0.020 -0.022
(0.015) (0.015) (0.015)
Ability: High 0.025* 0.026* 0.004
(0.014) (0.014) (0.013)
Age 0.008 0.008 0.001
(0.005) (0.005) (0.006)
Conformity: Normal Behavior 0.003 0.003 0.008
(0.007) (0.007) (0.006)
Conformity: Opinion of Others -0.004 -0.004 -0.004
(0.006) (0.006) (0.006)
Gender Identity -0.003"** -0.003™** 0.000
(0.001) (0.001) (0.002)
Constant 0.017 0.350™** 0.548"**
(0.080) (0.080) (0.084)
Joint Test (p) 0.168 0.156 0.081
Observations 914 914 914

Note: Each column reports a participant-level OLS regression of a participant’s exposure to a bundle
feature on their characteristics, where exposure is the share of the participant’s three rated bundles
that (1) pair an atypical occupation with a benefit, (2) feature an atypical occupation, or (3) feature
any benefit. School track enters with the middle track as the omitted category. “Joint test (p)” reports
the p-value from an F-test that all coefficients are jointly zero; in every column we cannot reject that
exposure is unrelated to participant characteristics. Robust standard errors in parentheses.

*p <0.10, ** p < 0.05 ** p <0.01

The remaining tables in this appendix show the benefit-level WTP analysis (Table

A.13) as well as the analyses on the social environment discussed in the main text.
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Table A.11: Perceived Firm Attributes (Men)

(1) (2) €) (4) (5) (6) (7)
Care Support Team  Affluent Offer Diff. find Opp. Gend.
Atypical Occ. -0.05  -0.14™* -0.10"™*  -0.13¥**  -0.22%** 0.10** 14.81%%*
(0.04) (0.05) (0.04) (0.05) (0.04) (0.05) (2.20)
Stereotypical Benefit 0.10** 0.09% 0.02 0.17%** -0.07 -0.09 -2.34
(0.04)  (0.05)  (0.04)  (0.05)  (0.05) (0.05) (2.37)
Neutral Benefit 0.14**  o0.13* 0.03 0.18*** -0.08* -0.09 3.15
(0.04) (0.05) (0.04) (0.05) (0.05) (0.06) (2.58)
Atypical Benefit 0.10** -0.05 -0.08* 0.14**  -0.26™* -0.01 7.41%%*
(0.04) (0.06) (0.05) (0.05) (0.05) (0.06) (2.60)
Atyp. Occ.*Any Ben. 0.07 0.05 -0.01 0.16*** 0.09* -0.14** -2.77
(0.04) (0.06) (0.05) (0.05) (0.06) (0.06) (2.87)
N 1187 1187 1187 1187 1187 1187 1187
Mean of Dependent Var.  0.826 0.645 0.788 0.708 0.628 0.485 42.011

Note: The dependent variables are: perceived care for employees, support for their career prospects as
a man, expected team fit, likelihood of receiving an offer, firm affluence, the firm’s difficulty in finding
apprentices, and share of opposite-gender employees. All specifications control for gender identity and a
high-ability indicator, which are imbalanced across bundle exposure in the pooled sample (see Appendix
Table [A.10). All but column (7) are measured on a 4-point Likert scale and coded as a dummy equal to
one if respondents selected one of the top two categories. Column (7) is measured on a o-100 scale and
additionally controls for the true occupational average of the atypical share.
*p <o.10, ¥ p <o0.05 *p <o.01



Table A.12: Perceived Firm Attributes (Women)

(1) (2) €) (4) (5) (6) ?)
Care  Support Team  Affluent Offer Diff. find Opp. Gend.
Atypical Occ. -0.10%*  -0.27%**  -0.16%*  -0.08**  -0.24***  0.19%** 30.31%**
(0.03) (0.04) (0.03) (0.04) (0.04) (0.04) (1.74)
Stereotypical Benefit 0.08%**  0.15%** 0.08** 0.25%** -0.01 -0.14*** -4.27**
(0.03) (0.04) (0.03) (0.04) (0.04) (0.05) (2.02)
Neutral Benefit 0.12%** 0.09** 0.08** 0.30*** -0.01 -0.13*** 0.42
(0.03)  (0.04)  (0.03)  (0.04)  (0.04) (0.04) (2.03)
Atypical Benefit 0.09*** -0.01 0.02 0.25%*  -0.12%*  -0.11** 9.91***
(0.03)  (0.05)  (0.04)  (0.04)  (0.04) (0.05) (2.27)
Atyp. Occ.*Any Ben. 0.03 0.11** -0.04 0.01 0.02 -0.06 -7.23%**
(0.03)  (0.05)  (0.04) (005  (0.05) (0.05) (2.15)
N 1554 1554 1554 1554 1554 1554 1554
Mean of Dependent Var.  0.855 0.617 0.778 0.686 0.600 0.458 56.578

Note: The dependent variables are: perceived care for employees, support for their career prospects as a
woman, expected team fit, likelihood of receiving an offer, firm affluence, the firm’s difficulty in finding
apprentices, and share of opposite-gender employees. All specifications control for gender identity and a
high-ability indicator, which are imbalanced across bundle exposure in the pooled sample (see Appendix
Table [A.10). All but column (7) are measured on a 4-point Likert scale and coded as a dummy equal to
one if respondents selected one of the top two categories. Column (7) is measured on a o-100 scale and
additionally controls for the true occupational average of the atypical share.
*p <o.10, ¥ p <o0.05 *p <o.01



Table A.13: Heterogeneity by Gender and Specific Benefit

Full sample Females Males
(1) @) G)
Mean
Occupational Fit 16.49*** 16.48*** 18.61***
(2:34) (3-16) (3-45)
Prior Interest in Occ. 624.52%** 625.82%** 628.36%**
(27:57) (36.71) (4233)
Transport: General 358.28*** 413.36™** 338.87%**
(33-43) (48.46) (46.91)
Transport: Car 340.35%** 342.46%** 390.50%**
(40.69) (53-22) (60.82)
Transport: Motorcycle 197.84*** 168.24*** 264.96%**
(32.84) (42.78) (49-83)
Fitness: Weights 208.12%** 185.47%** 264.11%%*
(32:27) (41.36) (50.21)
Fitness: Dance -67.85* 17.01 -116.70%**
(36.19) (54.60) (44-85)
Fitness: General 244.52%%* 258.30%** 268.71%%*
(32:53) (43-47) (51.48)
Career mentoring: General 288.91%** 330.39*** 291.64***
(34-36) (46.79) (50.35)
Career mentoring: Women 134.80%** 301.49*** -75.55
(31.92) (42.67) (46.47)
Voucher: General 246.12%%* 311.86™%* 216,51
(31.77) (42.95) (46.74)
Voucher: IT 120.26%** 102.64** 191.96%**
(33-43) (40.48) (49-41)
Voucher: Beauty 90.39™** 209.16%** -22.53
(29-80) (43.75) (43.13)
Atypical Occ. -263.34*** -345.59*** -118.10%**
(31.17) (45-23) (44.12)
N 16848 9392 7456

Note: The dependent variable is always choosing the specific apprenticeship A or B in the DCE.
Wage is measured in Swiss Francs of monthly salary; Fit is measured in percentage points of fit
in occupational tasks. We control for the randomization order of option A and B.

*p <o.10, ™ p < 0.05 ¥ p < o0.01



Table A.14: Believes on Teasing by Peers

ologit 1st ols 1st logit 1st ologit 2nd ols 2nd logit 2nd

Stereo. Benefit  -0.122 -0.016  -0.091 -0.183 -0.033 -0.162

(0.115)  (0.026) (0.154) (0.116) (0.029)  (0.142)

N 984 984 984 984 984 984

Note: The dependent variable is measured on a Likert scale from 1 to 5 asking how often par-
ticipants would be teased by their peers if they chose their most suitable atypical occupation—
varied across participants with or without a stereotypical benefit. We measured both first order
believes (“1st”) about themselves and second order believes (“2nd”) about how they believe oth-
ers will answer this question (incentivized). We analyze the enire Likert scale using ordered logit
(“ologit”) and a dummy for a high frequency of teasing (4 or 5 on the Likert scale) using OLS
and logit.

*p <o0.10, ™ p < 0.05 **p <o0.01



Table A.15: Not Informing Parents conditional on DCE Results

(1) (2) (3) (4) (5) (6)
All All Men Men  Women Women
Atypical Occ. 0.044™**  0.044™** 0.040™"* 0.040"** 0.048"*" 0.048***
(0.008)  (0.009) (0.012) (0.014) (0.011) (0.013)
Atypical Benefit 0.011¥  0.011" 0.012 0.012 0.011 0.011
(0.006) (0.007) (0.010) (0.011) (0.007)  (0.008)
Stereotypical Benefit -0.000 -0.000 -0.005 -0.005 0.004 0.004
(0.006) (0.007) (0.010) (0.011) (0.007)  (0.008)
Individual FE v v v
N 3892 3892 1712 1712 2180 2180

Control Mean of Dep. Var.

Note: The dependent variable of these OLS regressions is if participants choose (ex ante) whether
to share the DCE results with their parents in case of specific recommendations in these results.
The dependent variable is 1 if participants choose not to share the results.

*p <o0.10, ¥ p < 0.05 *p <o.01



Table A.16: Individual determinants of WTP for the atypical occupation

Females Males
(1) (2)
Rank: Stereo. Ben.
It’s alright -175.71%*%* -36.58
(67.19) (87.52)
I want it for sure -177.96™* -85.03
(70.31) (87.84)
Rank: Atypical Ben.
It’s alright 46.47 80.76*
(57-47) (41.78)
I want it for sure 147.26** 107.36
(68.05) (83.44)
Rank: Neut. Ben.
It’s alright 101.19 -32.89
(104.27) (128.89)
I want it for sure 112.50 1.32
(103.65) (128.46)
Gender identity -11.11%% 4.33
(5:33) (9-02)
Normal behavior -6.77 5.60
(22.44) (18.86)
Opinion of others matter 12.58 33.50
(23.42) (23.25)
Constant -385.24*** -124.90
(115.05) (131.65)
N 518 396

Note: The multivariate regression of individual WTP for an atypical occupation on participant
characteristics is estimated on a reduced sample of students who answered the questions on gen-
der identity and conformity. “Rank: Stereotypical Benefit” indicates the rank students assign to
the stereotypical benefit presented in the choice set; “I don’t want it at all” serves as the reference
category. “Gender identity” is a normalized index (mean o, SD 1 in the full sample) based on
two questions capturing students’ own and others’ perceptions of their femininity /masculinity;
higher values indicate that students perceive themselves as more feminine. “Normal behavior”
is a standardized index (mean o, SD 1 in the full sample) measuring whether students report
doing what is considered normal, with higher values indicating stronger agreement. “Opinion
of others matters” is a standardized index (mean o, SD 1 in the full sample) capturing the im-
portance students attach to others” opinions, with higher values indicating stronger agreement.
”Rank” shows which rank students assign to the respective benefits shown in their choice sets.
*p <o.10, ™ p < 0.05, ** p < 0.01



D Full Sample Analysis

In this appendix, we replicate our main results on the full sample, which additionally
includes respondents who did not complete Yousty’s occupation finder. Table|A.17 sum-
marizes key variables for both the main and the full sample. People who self-selected
not to do the career finder when signing up to Yousty differ in several respects. So while
the full sample has more observations and covers a larger share of the apprenticeship-
seeking population, it is not a mere extension of the main sample.

Table A.17: Main vs. Full sample

Main Sample Full Sample

n mean sd n mean sd Diff
Female 1053 0.56 0.50 1850 0.50 0.50 -0.123%**
Ability: Low 1053 0.25 043 1850 0.26 044 0.034
Ability: Middle 1053 0.47 0.50 1850 0.47 0.50  0.007
Ability: High 1053 0.28 045 1850 0.27 044 -0.041F
Age 1053 14.62 1.10 1850 14.74 1.18 0.273%**

Conformity: normal behavior 1053 0.03 o097 1850 -0.00 1.00 -0.071
Conformity: opinion of others 1053 0.06 098 1850 0.00 1.00 -0.136*

Gender identity 914 5.17 4.24 1578 4.53 6.73 -1.532%**

Note: Difference in observables between main and full sample.
*p <o0.10, ™ p < 0.05 **p <o0.01

Because we do not observe individual match scores for these respondents, we cannot
control for occupational fit directly. Instead, we rely on the four occupation indicators,
dummies for occupations (1)-(4), whose assignment for finder non-completers is based
on the five-question approximation described in Section [3.2] Occupation (1) is again the
best-fitting counter-stereotypical occupation and occupation (2) a similarly fitting neu-
tral or stereotypical occupation (occupation 2 is the omitted benchmark). The contrast
between occupation (2) and occupation (3), a lower-fitting neutral or stereotypical occu-
pation, recovers the role of occupational fit in reduced form. This specification, displayed

in Table|A.18, is less precise than our main analysis, both because fit enters only through
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Table A.18: Heterogeneity by Gender and Benefit Type (Full Sample)

(1) () (3 (4) (5)
All Women Men All Women
Low Fit Occupation -182.293"*  -143.845""" -183.819™* -173.644™"" -139.456™**

(18.843) (28.368) (25.096) (20.699) (29-574)

ko ok

Prior Interest Occupation  629.613***  554.540"**  698.915"**  630.637 554.903

(30.277) (41.283) (38.567) (30.499) (44.315)

Atypical Benefit -20.604 85.194"**  -112.132"** -18.266 68.215"*
(14.530) (22.634) (18.897) (16.813) (25.848)

ok sk

Stereotypical Benefit 206.840"**  157.260 230.595 210.275""*  124.624"**

(16.766) (24.915) (24.392) (20.565) (30.941)

Hokok

Neutral Benefit 275.215"**  259.620""*  275.625 260.370"**  235.700"**

(13.060) (19.201) (18.023) (16.390) (23.582)

Atypical Occupation -348.438"**  -433.207"**  -266.670"**  -342.726"** -591.449***

(27.975) (40.571) (32.138) (45.700) (71.199)

Atyp. Occ*Atyp. Ben. -45.668 157.725**

(49-414) (75.127)

Atyp. Occ*Stereo. Ben. -17.625 114.198*

(41.944) (62.529)

Atyp. Occ*Neut. Ben. 32.145 86.194"

(30.743) (44.036)

N 20632 14928 14704 20632 14928

Note: The dependent variable is always choosing the specific apprenticeship A or B in the DCE.
Wage is measured in Swiss Francs (CHF) of monthly salary. We control for the randomization
order of option A and B. The male interacted specification (the analogue of column 6 of Table |4)
does not converge in the full sample and is omitted. The pooled full-sample estimates (column
4) suggest that, as in the main sample, the interaction pattern differs by gender.

*p <o0.10, ¥ p < 0.05 ** p < 0.01



these indicators and because the occupations themselves are assigned via a coarser rule;
the observable differences between finder completers and non-completers give a further
reason to treat these results as complementary rather than primary. Its advantage is
coverage: it roughly doubles the number of adolescents observed under an otherwise
identical design.

Reassuringly, the full-sample estimates reproduce our main findings (Table [A.18).
Female participants value atypical benefits positively while male participants value them
negatively; both genders value neutral and stereotypical benefits positively, with neutral
benefits valued most; the interactions between benefits and occupational atypicality are
positive and significant for female participants, and—as in the main sample—Ilargest for
atypical benefits; atypical occupations are penalized, more so for female participants;
and the fit and interest measures behave as expected, with lower-fitting occupations
valued less and prior interest valued more. The one specification that does not converge
is the male interacted model (see note to Table M; all other estimates align with our
main results on a larger and different population.

The remainder of this appendix reports full-sample versions of a selection of our

main-sample tables.
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Table A.19: Balance of Bundle Exposure on Participant Characteristics (Full
Sample)

(™ @) €}
Interaction cell Atyp. occ. Any benefit

Female 0.006 0.004 -0.007
(0.011) (0.011) (0.009)
Ability: Low 0.003 0.003 -0.001
(0.011) (0.011) (0.011)
Ability: High 0.025™* 0.024** 0.006
(0.011) (0.012) (0.010)
Age 0.004 0.004 0.003
(0.004) (0.004) (0.004)
Conformity: Normal Behavior 0.003 0.004 0.007
(0.005) (0.005) (0.004)
Conformity: Opinion of Others -0.005 -0.005 -0.004
(0.005) (0.005) (0.004)
Gender Identity -0.001 -0.001 -0.001
(0.001) (0.001) (0.001)
Constant 0.084 0.419*** 0.5017**
(0.059) (0.060) (0.057)
Joint Test (p) 0.468 0.483 0.577
Observations 1,578 1,578 1,578

Note: Each column reports a participant-level OLS regression of a participant’s exposure to a bundle
feature on their characteristics, where exposure is the share of the participant’s three rated bundles
that (1) pair an atypical occupation with a benefit, (2) feature an atypical occupation, or (3) feature
any benefit. School track enters with the middle track as the omitted category. “Joint test (p)” reports
the p-value from an F-test that all coefficients are jointly zero; in every column we cannot reject that
exposure is unrelated to participant characteristics. Robust standard errors in parentheses.

*p <010, * p < 0.05 ** p <0.01
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Table A.20: Perceived Firm Attributes (Men, Full Sample)

(1) (2) ) (4) (5) (6) ?)
Care  Support Team  Affluent Offer Diff. find Opp. Gend.
Atypical Occ. -0.07%** 021 -0.22%*  —0.17**  -0.26%*  0.15%* 22.03***
(0.03)  (003)  (0.03)  (003)  (0.03) (0.03) (1.52)
Stereotypical Benefit 0.11***  0.13*** 0.03 0.19*** -0.01 -0.05 -1.14
(0.03) (0.04) (0.03) (0.04) (0.04) (0.04) (1.61)
Neutral Benefit 0.13¥* o1y 0.05 0.24*** -0.01 -0.04 4.00**
(0.03)  (0.03)  (003)  (0.03)  (0.03) (0.04) (1.70)
Atypical Benefit 0.11%** -0.01 -0.04 0.19**  -0.17%* 0.00 10.43***
(0.03) (0.04) (0.03) (0.04) (0.04) (0.04) (1.86)
Atyp. Occ.*Any Ben. 0.05* 0.01 0.00 0.07* 0.07* -0.13%%* -6.02%**
(0.03)  (004)  (0.04)  (0.04)  (0.04) (0.05) (1.95)
N 2318 2318 2318 2318 2318 2318 2318
Mean of Dependent Var.  0.808 0.598 0.698 0.659 0.569 0.525 43.831

Note: The dependent variables are: perceived care for employees, support for their career prospects as
a man, expected team fit, likelihood of receiving an offer, firm affluence, the firm’s difficulty in finding
apprentices, and share of opposite-gender employees. All specifications control for gender identity and a
high-ability indicator, which are imbalanced across bundle exposure in the pooled sample (see Appendix
Table [A.10). All but column (7) are measured on a 4-point Likert scale and coded as a dummy equal to
one if respondents selected one of the top two categories. Column (7) is measured on a o-100 scale and
additionally controls for the true occupational average of the atypical share.

*p <o.10, ¥ p <o0.05 *p <o.01



Table A.21: Perceived Firm Attributes (Women, Full Sample)

(1) (2) €) (4) (5) (6) ?)
Care  Support Team  Affluent Offer Diff. find Opp. Gend.
Atypical Occ. -0.14%* 031 027 —0.11™* -0.28%F 0217 33.40%*%
(0.02)  (0.03)  (003)  (0.03)  (0.03) (0.03) (1.43)
Stereotypical Benefit 0.07***  0.13%** 0.04* 0.21%** 0.01 -0.11*** -5.00%**
(0.02) (0.03) (0.03) (0.03) (0.03) (0.04) (1.65)
Neutral Benefit 0.11*** 0.07** 0.03 0.26*** 0.00 -0.12%** 0.78
(0.02) (0.03) (0.03) (0.03) (0.03) (0.04) (1.63)
Atypical Benefit 0.07*** -0.01 -0.01 0.20%**  -0.09** -0.07* 10.37%**
(0.02) (0.04) (0.03) (0.04) (0.04) (0.04) (1.85)
Atyp. Occ.*Any Ben. 0.08***  0.12%** 0.04 0.05 0.01 -0.06 -7.96%**
(0.03)  (0.04)  (0.03)  (0.04)  (0.04) (0.04) (1.76)
N 2409 2409 2409 2409 2409 2409 2409
Mean of Dependent Var.  0.846 0.604 0.752 0.678 0.580 0.478 56.824

Note: The dependent variables are: perceived care for employees, support for their career prospects as a
woman, expected team fit, likelihood of receiving an offer, firm affluence, the firm’s difficulty in finding
apprentices, and share of opposite-gender employees. All specifications control for gender identity and a
high-ability indicator, which are imbalanced across bundle exposure in the pooled sample (see Appendix
Table [A.10). All but column (7) are measured on a 4-point Likert scale and coded as a dummy equal to
one if respondents selected one of the top two categories. Column (7) is measured on a o-100 scale and
additionally controls for the true occupational average of the atypical share.

*p <o.10, ¥ p <o0.05 *p <o.01



Table A.22: Believes on Teasing by Peers (Full Sample)

ologit 1st ols 1st logit 1st ologit 2nd ols 2nd logit 2nd

Stereo. Benefit -0.115  -0.037" -0.174" -0.138 -0.039"  -0.172*

(0.086)  (0.022) (0.105) (0.088) (0.023)  (0.101)

N 1718 1718 1718 1718 1718 1718

Note: The dependent variable is measured on a Likert scale from 1 to 5 asking how often par-
ticipants would be teased by their peers if they chose their most suitable atypical occupation—
varied across participants with or without a stereotypical benefit. We measured both first order
believes (“1st”) about themselves and second order believes (“2nd”) about how they believe oth-
ers will answer this question (incentivized). We analyze the enire Likert scale using ordered logit
(“ologit”) and a dummy for a high frequency of teasing (4 or 5 on the Likert scale) using OLS
and logit.

*p <o0.10, ¥ p < 0.05 ™ p <o.01



Table A.23: Not Informing Parents conditional on DCE Results (Full Sample)

(1) (2) (3) (4) (5) (6)
All All Men Men Women Women

*ok ok

Atypical Occ. 0.061 0.061"**  0.066™*  0.066™* 0.056"** 0.056""*

(0.007)  (0.008) (0.010) (0.012) (0.009) (0.010)

Atypical Benefit 0.009"*  0.009* 0.008 0.008 0.009* 0.009

(0.004) (0.005) (0.007) (0.008) (0.005)  (0.006)

*

Stereotypical Benefit -0.010"*  -0.010* -0.017"" -0.017* = -0.004  -0.004

(0.005)  (0.006) (0.008) (0.009) (0.006)  (0.007)

Individual FE v v v

N 6780 6780 3356 3356 3424 3424
Control Mean of Dep. Var.

Note: The dependent variable of these OLS regressions is if participants choose (ex ante) whether
to share the DCE results with their parents in case of specific recommendations in these results.
The dependent variable is 1 if participants choose not to share the results.

*p <o0.10, ¥ p < 0.05 *p <o.01



Table A.24: Preferences for Fringe Benefits (Full Sample)

Do not want at all Is ok Really want it N

Men Women Men Women Men Women Men Women

Car license 0.038 0.050 0.330 0.364 0.632 0587 209 242
Company gym 0.060 0.070 0.397 0.518*** 0.543 0.412"* 232 228
Company-course dancing 0.701  0.296"**  0.245 0.499*** 0.055 0.206*** 384 379
Company-course weight room 0.076  0.247"* 0487 0511 0438 0.242** 384 401

Disc w. many beauty products 0.506  0.093"* 0432 0486 0.061 0.421*** 3091 399

Disc w. many games/technology 0.065 0.311"** 0458 0517 0477 o0.172"* 369 383

Discounts w. products 0.042 0.061 0.525 0.539 0.432  0.399 236 228
Mentoring 0.051 0.075 0.523  0.458 0.426  0.467 235 212
Mentoring for girls 0.548  0.045"*  0.338 0.454™* o0.114 o0.501%* 361 377
Motorcycle license 0.096  0.264™*  0.469 0462 0435 0.275%* 384 364
Public transport 0.033 0.025 0.340 0.222%** 0.628 0.753"* 215 243

Note: Each cell reports, separately by gender, the share of participants selecting each
response category when asked how much they would like a given benefit. Benefits are
grouped as male-typed, female-typed, or gender-neutral based on adolescents” own
classifications. Stars denote significant gender differences in the share selecting that
category (from a test of proportions). The final columns report the number of
participants asked about each benefit. Each participant was asked about 2 neutral, 2
atypical, and 2 stereotypical benefits; as there are more neutral benefits in total, the N

per benefit is naturally lower.



E Data Sources

This appendix documents the data sources used in the paper and their availability.

Occupation gender composition. We compute the gender composition of each occu-

pation from yearly apprenticeship entry data by occupation for 2017-2023, provided by

the Swiss Federal Statistical Office (FSO). The data come from the STAT-TAB interactive

tables (table ID px-x-1502020100_101) and are openly accessible at https://www.pxweb.
bfs.admin.ch/pxweb/de/px-x-1502020100_101/px-x-1502020100_101/px-x-1502020100_
101.px/. To merge occupations to these labor-market data, we use the FSO’s “Liste der
Berufscodes fiir SBG” (ID do-b-15.03-berufsbg), available at https://www.bfs.admin.
ch/bfs/de/home/statistiken/kataloge-datenbanken/publikationen.assetdetail.33189550.

html.

Platform data. Individual-level profile information (including task preferences and
occupation-finder match scores) and behavioral data (such as occupation views, watch-
list entries, search alerts, and applications) were obtained through our collaboration
with the online apprenticeship platform Yousty. These data also include the occupation-
specific skill requirements used to construct our academic-fit measure. All Yousty data

are proprietary and not publicly available.

Experimental and survey data. The data from our discrete choice experiment and ac-

companying survey were collected by the authors.
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